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Driving behaviour and performance objectification

1 | Motivation & goals 2 | Experimental setup & metrics
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Objective rates (metrics) based on measurements
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systems with
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longitudinal control

Driving of 6

maneuvers with

- well defined, consistent, easier to replicate (e.g. vehicle focus on specific

speed, steering angle, GPS data) - vehicle dynamical

characteristics
Goal: consistent & replicable assessment of driver behaviour & performance via objetive metrics

List of computed metrics (grouped by vehicle dynamics)

3 | Computed metrics & first statistics

Longitudinal dynamics
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Basic statistics for metric values over participants for all maneuvers
\ | - Goal: Modelling of driving performance based on objective ratings
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entropy = 0.998
Metric value over partmpants for all Cumulative distributions show simlar behaviour class = bad

maneuvers (here: very large values for between two driving systems and difference for one !
Decision tree based on selected metrics to classifiy

“extreme” maneuver Evasive) system (“extreme” maneuver Evasive observable)
“good”/“bad” driving performance for specific maneuver
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